AHAEE FdHs ol &3
A2 w2 7dt & ¢1dF

o B YW B M- B HM-T Z A

ham |

2 of

We) 71N oA 713 AEAA AMET ERAT AL s, A BE 4T 7S AdFHA. o &
neYEe AGFHE s 74 249 Hdo] U FdAX A5 HHZ 7Y WA AAHez 28 ¥ xd
HHEg 249 YS9 YA AN dEAES FE3ch EY 4 SAH SdL0e FEAPRE 5 V1A
2 Agste 28 Mo 84S ATsc Ao 912l& & k-NN(k-Nearest Neighbors) £871014 B82 8 ojw
g B2} 30~90%%E AHgatn, EF oM E k-NN# A1 A4 A5E wolxn glck B Azd Ad A5 2
22 dgte], 4A EhHel 22HE A YAHE k-NNET 453 $7¢ "3‘6 Holm gk

A New Memory-Based Reasoning Algorithm using the
Recursive Partition Averaging

Hyeong-Il Lee' - Tae-Sun Cheong'' - Chung-Hwa Yoon''' - Kyung-Sik Kang''''

ABSTRACT

We proposed the RPA (Recursive Partition Averaging) method in order to improve the storage requirement and
classification rate of the Memory Based Reasoning. This algorithm recursively partitions the pattern space until each
hyperrectangle contains only those patterns of the same class, then it computes the average values of patterns in each
hyperrectangle to extract a representative. Also we have used the mutual information between the features and classes
as weights for features to improve the classification performance. The proposed algorithm used 30~90% of memory
space that is needed in the k-NN (k-Nearest Neighbors) classifier, and showed a comparable classification performance
to the k-NN. Also, by reducing the number of stored patterns, it showed an excellent result in terms of classification
time when we compare it to the k-NN.
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