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Synergism of Knowledge-Based Decision Support Systems and
Neural Networks to Design an Intelligent Strategic Planning System

This paper proposes a synergism of meural networks (NN) and knowledge-based decision support

system (KBDSS) to effectively design an intelligent strategic plonning system. Since conventional

KBDSS becomes inoperative partially or lotally when problem deviates slighily from the expected

problem-domain, a mew DSS concept is needed for designing an effective sirategic planning system,

where strategic planning environment is usuolly turbulent and consistently changing. In line with this

ides, this paper developes a NN-based DSS, named ConDSS, incorporating the generalization properly

of NN into its knowledge base. The proposed ConDSS was extensively operaied in an erperimentally

designed environmeni with three models: BCG matrix, Growth/Gain matriz, and GE matrir, The

results proved very promising when encountered with unforeseen situations in comparisons with conv-

entional KBDSS,

I, A &

| BN

1970dthell o194 Gorry ¢ Scott Morton
[1971]°] DSS (Decision Support System)zhe &
o1& A& AMF F, 7IEY MISS DSSY A4
A7 zoldel e B2 FAES Alold| =@l
A9t} [Alter, 1977; Bonczek, et al., 1980;
Keen & Scott Morton, 1978], 35302 43

AZo| YeAE R, A9 AFAE Ab
of DSS7+ AR ANA EASNE A HAE
A5sep)7 4R B dFelA AHE it
A% ARG AFshs ARE 712 ZRAA
(computer-based information systems) & 2]©| 3
the ARS gl A siFe AVIz HAd
[Ginzberg & Stohr, 1981]. &0 ¥k DSSE
AoshAH DSSE $TZEA (semi-structured)©]

T T2 (unstructured)$) AGEAE #H 5

» et BRA s 2y
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7] H8 AAEAAY AEAAYE EFE 3
E ARAAT 28 4+ g

HZ AFA5 (Al Artificial Intelligence)o|u}
T7HA (AE7HA : Expert Systems)$} 7
A2E AH7)%o] UFEEA 71& DS
B2 HYE JHRT 7189 DSSe F2 A3
A BYol &3 ZAE AZH7) PR A}
ARz ot aukl A% & ¢ ge o
7HA BN (qualitatitive) BEE H2ld|7}
o o¥AY Erbsdidth 22y A/AEH)
A7t AFEEA o @ ddo] sAsel DSSY
TANE FEol A w7isrd o) Aotk 1
A3 54 BAQG0 A FAHA X4 (know-
ledge)-2 0|83 2|47]x DSS (knowledge based
DSS), & KBDSS7Hde] DSS d7gdel ZyA
259 AR KBDSSY 7uSd g
&3 37t A A& B [Goul & Tonge,
1987], dut¥og KBDSSw DSSY zd| AE
A FaRES ZHe Y2 Q45D Yok,
Henderson [1987]2 19] =Fol|*DSS9 A&7}
AA & AYPshe WA DSSPGol A9 Bg
ATREE A A 28T Qo

A
e
e

Sprague$} Carlson [1982]] 2J&@ DSSe) F+
Z& dlojet o)A )X~ (Data Base Man-
agement System), T¥ o]~ AYNAH (Mo-
del Base Management System), 121 AR&-x}e}
o qi3}g 9% ujs} Be)A28) (Dialogue Man-
agement System)% Al7}A] F8 TEZ TAHY
ek g, AE/HAA (Expert Systems)E FA|
3k Hioho]l A7IR FoBER TAH Ytk
&, 5399 g Frd x= 7S THS
A4do]~ (knowledge base), YBHAMI] o3
A AW o] A8 X 23k 227]% (inference engine),
azx AEAY FE3HE RHoFe A9

(justifier) 5°] 20|t} [Forsyth, 1984; Kastner
& Hong, 1984; Waterman, 1986]. 223 o]y

o 4 AEHA REE wPse Ao~ @

g A28 (Knowledge Base Management System)
o] Atk & A7lM= KBDSSE DSS9] T-Zujol
AT7HAY F2RES ¥ Adoz 943
T4 gt o] KBDSSY YA 7zE (1
g 1]ol =AEo} gtk mehd, 2 aFeld aF
3k KBDSSE 71&9] &48 AR/MA v} &
B AR 2A DSSHAEol 7|23 B3 AR}
A Adez QA 4 9ok

T2y KBDSS7E 24 Qs A4HjolAE du
oz ng Fog BAYGUIAE RefA s
ATE F Jou, o] FAFAL Hold Al
Ne B8 S FA ZAY olxd] g4 g=
HEAZQ #E AT 497t 2k o o
A& A9 BFEHME (mesa effect) [Caudill, 1990)
2 skeel, A ol @ olfu R 4juol A
A AT EAGSE FL 7HAA (narrow and
specific) 02 Fojo} 3= Ho|t} [Waterman,
1986). olejg A|4wjo)~9] ey Z KBDSSS
A3l H4e g% Fe2, AT B AN
Hdes s Yt Ay g B3dsa 1
ARl B AU Ex WY 2A7)
W EAGGolMe KBDSSS A7t A 7y
7] oyt AT A AFAYL 9%
KBDSSE 53] sl A2 7140 A
Hojol & Yool glen), o F BN AF
2179, & NN (Neural Network)d ©]&3 =4
Holx ke o> Wasty owgle ATt €
Aoltt. uksid NN B4 EAgdol] sl
Ss oM oA B AR Ags 9
ol 'Uulsl A3} (generalization effect)S &
g+ 7] HEolth ZS NN& KBDSSS A4
Hol2 sidel AMGE SraEn dutslane
71 & geuz 7]Ee] KBDSSHT X5H e
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DBMS

LA LD e
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A4 o o) &

FE78

chk

RS RE:

Notes:
DBMS = Data Base Management System

MBMS = Model Base Management System

KBMS = Knowledge Base Management System

87

[OR) 1] kBDSSS| YHIEol 3

KBDSSE &% 4 QA itk

oj2 g ujA sl & ATHNE NNE o4& A
Aujo)2 Fjukg F3 Ui 22 A7 53
& 2R do} ofge 1 APAHE AN
A F.

1) 29835 S8 Ko 2532 KBDSS
g &3] A% =¥ dHo2 NN o8¢
Aol s 7fikg F¢ A2E KBDSSE AlA 3}
22 gk o|FA AEA AASE KBDSSE &
APl M= Connectionist” DSSe] <AE HA
ConDSSHT. 372 #th

2) N2 B o Autgt F3l $3, A
24 (robustness) @ 354 (learnability)o] U3

232l (numerical) 54& Z& Az EQ3
AFTAZEY Aol AE AL 19 e
%27]% (Inference Engine)?] EA4& HojFt,

3) o] ConDSSE £ %9 b 72/ (unstru-
cturedness)o] WAIBL F3] Zq o] Fol
WA= AHAY (Strategic Planning) Aol 3
43j0d 1 435 7|29 KBDSSY A} vz
A 7|z gk

e

N

1) eIk o= NN-& ConnectionistZHlE H2t},
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9 ‘Aajes’ (PU: Processing Unit) E2 TAH
of 97 uid AuAd e Za Aot
[Zeidenberg, 1990; Lippmann, 1988]. ¢|81§& &
AL AF NNE 482 e o PUst ol
PUZ S} 43dAA (interconnections)ol] 71913
Aot} PUE AANY AAMES vl&E Ao
A A e 43ddaes Az ddHd g
[2¥ 2]= 94935 (Back Propagation)& o4
3 =1 N73%E A (three layer feed-forward)
NN A3 91l o] NN g3 243,
24N 28302 4 PUZL M2 99| Hol
e Aol BHoltk, ZZe] PUx FoA At
BE 53 ‘8715’ (learning function)¥
BF3AFE ERE PUo 1 HAH (activation)
8 Bl ‘AY7)%5 (transfer function)o] RIth
Z, i PUE 3273 % (lower layer) 2256
Add @ MAD (total net input) XjE '} &

[Rumelhart et al., 1986].
Xj = EYiW,-i— 0j
Y,

714 Y 3% A7AEFY g9 iMA PURYE
9 2¥o|1, 4= j¥A PUY ZAAIL. EF,
W, i9d PUSH i PUARIS dd7keAlelch
o}3 4 X;= jdA PUA B & (net input)
olg}x 3t jHA PUY &E5E (activity level)
Y oRe 22 vy Mol (transfer func-
tion)o] 98 A}, [Rumelhart et al.,
1986] ‘

Y] = l/(l +e_xl)

o] Hold B4 Yt ¢U¥ Xsh &9 Y ARl
Aol NNGEoll ANk oz o g5l SAY

ath, ol URF} 2 ez FIAG ¥ (sigmoid)oloh
Back Propagation
- PR
—
@ -
WU 0
JthPU U
! T
: — O P
P — ——t| U
v T
T net activation\‘
Wi input -
-
_____ | T
----------------- -
- Feed-Forward
Input Hidden Output
Layer Layer yer

[3B] 2] BPOJ 2Bt MS T8 NN 7T




(28 2]9149] =% (input layer) & #7433} 4
Fuhgain 9RQI¥g o} NNof| Hddhe 4%
< gtk E=F 233 (output layer)2 FoA 94
Aol thgt AT 28E Yl s
3 Y43 295 APl WEYEE FTE
(intermediate layer) T+ 2492 (hidden layer)
ojgii 3o, olx FojA YHoZHH B4
23] 28302 WY 7l5e @k —‘4%4
9 PUTTRY AR FAF oz AAs o NN&
foll wet gepAe] wely 1 ey 4Es ¥
3lo] Zoisjdol gt} [Lippmann, 1988], I,
gubHog 2429 PUx NN9 Ao At
e FAe e A Aok ek Y
A5 7} BAZFZ (feature extraction)o] £0]3}A]
%2 ARZ TAHY oW 12g YYE=
HE 2299 S48 3237 M o749
293%o] 87F yhdd dyAETL oln| ojx
XéE 1249 E4XE Jehln glow it =

A Bz 24FT Yol A BE 9
A2 F70¢ FAE + Ak [Lippmann, 1988].

A2 71| (connection weights)= SR TG
(Rumelhart, et al.,, 1986]% 2 Z=8y
(supervised learning)dl] A3A ZAHAY E&
7284 [Rumelhart & Zipser, 1985]3} Z& H|
7584 (unsupervised learning)dl SJ3iA 238
o, dAsfeee NNTE 3-8 o 71 #
o] ol45eh) 1 olfe AR Ae W
483 =2 Ykt 5ol 7]t ConDSSol
AT 22 olf2 JAREE At

ol9hghe NNO| ) ZH3} Rfvay SH2
e 22 3ugle §4¢ AT

1) A4 (robustness): NN gutgog o0&
224 (fault tolerance)d ZeH ol Z 53
23 pUd 277} wga}oqz NN AHAe) 7]
So] A PBL A ¥2L Ju|s), ey

39

NN9 A3k= 279 A7t 371gdl ue} Fay
o2 #adle FAE Rojnzx IFF8 Bige
ol d&X B BolA NNoj eHaFo
2 7153kt A oluX @) ol2g Aol
oF 2 NN& A9 713 ofgjg HolF dhuel
A Y Hopl aFHon LY & JAZ @
S& F8540] g,

2) 54 (learnability): NN-& Fojzl 8 ¢
&d9482 B A2 7134 (regularities) S F
opd £ Utk olzig AL NNulo) £4hd
PUS 22} A= ol= A KBDSSY 40|
209 Ao gl o]g & NNY j4le
Y A Z EESHIL 780 93l ol
A= AFFHoz dg + Sivke AHol 7189
KBDSS A3} 713 tf& Holok

M, 1541733 KDBSSS}e]
2%

Igo]x M&g NNo E4& AvEd, 4=
NN3} KBDSS7t Z¥s&™ DSSYHN M2
el KBDSSE T4Y 7 irh Ao o
3 NNZ} KBDSS9H9] Ae % o8] A2} o]
2ojz gk AHA el FE2 NN9 72
ol IF-THEN T3¢ T3k AEHolH ¥
2 o]2oJAc} [Samad, 1988]. FHA =9 2
de AR 29 ARg WAE s
g3le] NNojl 7128 g ol&3hs Rl
[Gallant, 1988]. ¥ @7<lMe T4 ¥el9 2
1 B3R . F 5 EAYYANA &
FA7 NNE A 4djo] 22 3lo] o}& FE3Ho
o]43k= #Aojth, KBDSS7} o]zo] 3y® NN
< 2340 A3 NNoj Zkn Qe Awgdt
5L 71§ 1 B2e EAIE skt
dojA Brh EL Aubst (generalization) 53
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& 7H 471 Jlen & d7dlMe ol& ConDSS
2 TUHRL. o9} o] B EAGHoM e
¥ NN Ajwlo|22A AMg-3ME 7]&2] KBDSS
g @ g 2 AZY AL Fe
ConDSS& 7% +7} lth

1) 54 A% g YAz A7]d of
e #9488 7E 7 AW T3S 49
qEY Yo7t 7] WE ALH AN 3
93 &ol§ 471 3ok ol 71&9) KBDSS7H ¥
A% T4 43 qYap| Asked B2 AN
€ 288 A HudH FL gzt do o
€ ConDSS o] B¢zt QojAle @2 7t

FAge £A2 Eo] 7] Wi 7Feg Aol
o

2) 719 KBDSSS| B¥& 2 Aol 87wz
ol i Wil ¥ F7H A B,
NEE 4% A7 L. 224, Co-
nDSSE NN9| Shsdd 3ta Q7] Wid A2
T %] YT AR o2 A7 e B
AF122R old dE 7} Tk

3) A& 21 7] ol dAFX B3 Y
AT 2ASE (approximate reasoning)©] 7}
&3t

} Performance
1
ConDSS
KBDSS
Problem Domain
0|  Unexpected Domain - Expected Domain Unexpected Domain

/] Generalization capability to be expected from ConDSS

[O& 3] KBDSS2 ConDSSS| THE H|ud

[2% 3]olME 71&9) KBDSSS ConDSSl 91
o}qe) nYE T th vjmIYo] TAH Tk
aolA HE ConDSSY 3¢ Yulskse v
KBDSSHT} na#st @ vehdkes A& € #7F
Atk &, YFH BEL ConDSS AMA] 7ldiE=
Qa0 ZAAE02M o] ConDSS7}H AHE- 3k
NN guish 8o 719 Rolth,

AFANAY ARTHA A7 7HE tEA
olglx & 4 U+ Gallant [1988]7} ANE AF
A7 AE7HAE £ 979 ConDSSS My
o fARE T AgolFo] 27 EAF ol Hm
£ 3= o|f= Gallent®) =%o] NN} AE7H)
A & Agsad s o o 7 YEA
ol 57| oty WA FAFIRE Aw L7
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1) Miger} viesi, &, qA EAs= A
Ex 290 BE/BIA Fe KBDSSS, NN7IY
€ 2%89 FFE Sz Aotk

2) 499y} vlsd). &, NN3 A%E R
A 2glo] AE7MA U KBDSSS} 2 7189 A
HA26o] Fdp] ofd: B EAE E 7
Athe AHIE 8L B3 HAFY] g% Rol
o},

Aol A vt 2k

1) 723 duty: Gallant?} AAE +2= o
Bl AETHIA TZE AYST 7] Wil
2gujo)z} djojelsjo]29 22 o] HH
o] gtk 28y} ConDSS= E@ 0|29} e o] e
o2& Zta 7] WRo] A (qualitative)
AT ojlel AREY ZAx H24% w7 Y

&

2) EA999 B4 Gallants= WEHQ 72
A (structuredness)& Hole 9g9g%d &3 £
AL dz ANPoY, ConDSSE ¥ 724
(unstructuredness) & Kol A YEAE 1 3
3 Exg9oz sa Y7] WEel NN EAE
Ho guFee HoF 4 Ytk

ol AFARY AE/HAE AT B 4T
A% s WS B e RolRA Ui
2L A7EES 23 U

1) 358 NNE A4Hjo]2g AMBR: 739
olg Al NNT2 A& FE718s8e 71&9
ARTHA Y FE2718H) 75 gulst 7]
Sol BE FE/18E wex B9 [Samad,
1988], EE NN& 7|29 AR7PA 9] A4
o|A Mo AMRER= A [Poli et al., 1991;
Bradshaw et al., 1988]2 *&¥ 4 itk

2) &% NNojAM AL 2&3le] AAHA A
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B71%5E Zax e A

olg AAY AT=Eol A9 ATANEY A&
AA e F8 AT7EEoletn T 4 v} [Baba
et al., 1990; Hall and Romaniuk, 1990; McMi-
llan et al., 1991; Enbutsu et al., 1991; Elkins
et al, 1992].

EATE S8 NNE Adeo)Ag A3k
70l dgEy, $A AFAFY AEZEA 7}
58 YA dxYod FAo) H35gld ul,
2 A7e 3903 FA6lA 7 vjggsd A
FA| Y BA o1& ALl 1 5Ho] U2 3
Atk

IV, ASAYELA

AZAY (Strategic Planning) FYGolAe A371
) tjokg A7 A= o] et [Abell & Hammond,
1979; Glueck, 1980: Larreche & Srinivasan,
1982; Porter, 1980; Rowe, et al., 1982]. o]&
T2 HZAY AA Y o]EHe HPEHE A%
AT7F ol o, AFEY e AFAT
719 wdol w2} AFEY & 2 Awolx
9 Hgol guts] APsje] Yo}t [Holloway &
Pearce, 1982; Mockler, 1989; Mockler & Dol-
ogite, 1991]. Mockler2} Dologite [1991] & A&
Ay Hokil ojxe] 84 & AFA Y HZ AT
UL AAH oz Al Rugnh Iy
oldd ATFY oiN HEIHA A 72T
dATe 3 EE Holu, NN7IHE A 9
RS A% ETEAM EFF0E AR dTE
A9 e Aot tl&o] FdAe dutAe
ARHAA 0 7128 AEAY d7= A9 g
ARolr}, o]z W] £ dATolMe HEA
g RopiA 713 o] &#iR BCG ¥, Growth/
Gain 38, 12)1 GE 33L& A= ¢H(strategic
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high
Industry
Growth
Rate

low

high

Relative Market Share

-~ Question Mark

low

(28 4] BCG &

H1g A% =72 AR o8
71%2 NN o] 4§ A4uo]2 & ¢ Td o
2 N2 Mde ConDSSE AAsnA et

B Ao Agske At ke A Al
7B AFAY =Y %, BCG #F L 7MY & ¥
A wgold, ol 7)ol Aikske AFY A
AN A 84 (relative market share)3} 8% Akl
A &% (industry growth rate) S v @3l 1 9}
g 2249 B FAFC) old FiF A9
weh 1 AEL “star”, “cash cow”, “question
mark”, “dog”eti EFET) ol [ 4]0 A
Ho] ik

star2 B79 AEFLS /M 2 F98 A2
s Qoka ZldHe AFolA, g I A Fol
ANAlA A ske AFE $98 AL A717] 9
e A2Fe BFAE (cash outflows)o] &7
g A Folck wbM, stardEL A 43%
=7t E3En A47lol FolEA Hu 71&9 A
A YA E WY T A2 event7} Yoyt
7] o17) Y& FFAHeEE 7MY RHY ¢
og 7Rt & 4 & cash cowAlFol E 7bs
Aol =}, question mark AEFL ANFHIREE E
7] SA B dFAZ0l RF AFolt. 1
Hu dFAE A3, AF Ao ARE starA|F

alternatives)

o] slo] FFA o2& v cash cow?} 2 75
AT AT, wiHe) dFAE Ayt Ao 3
oo Aedl dog7t B % Aol 2 7199 AF
Mg (product mix) il €E £z Utk
o3& BCGHE L 727t st 4 =¢ 4
7] W&o AN ASAY Fopl A Foj 2
ol Y. Izt BCGHHL A FATE wads
£ 8471 F7IA gl ol BRTias Ad
B FHs v 7 Atk wEpA o
Moo e £ ATolAe  Growth/Gain 38, GE
PAFS F7i2 AT

Growth/Gain 3382 AAXA (market growth
rate) 3} thv) 8l 2+ A E2] AAE (product growth
rate) & EFFF ol AFY HFEL xF9,
A AAEE yEol N3 AFE{EOl F
e A9 Z9e A ok, 18I A
A& doi7ke AFL g ) BEG
o AREREE A AFLS U
FAEo] 2 AF AAoM Y H{-E g
gheol sjohtt = QJAF @k [28 5]« Growth/
Gain YFL HoIFT lom 53] BCG AFelA
9] cash cow, star, question mark, 12|32 dog A
9] 71 o] 4H JAE FAFL Yot

A7} (Business Assessment) 3&8 E+= GE

2) ©]& Share Gainerz}li $r}.
3) olg|% ME-g Share Loserg}il Frh.
4) o}2 Share Holderztir #ch
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Market Share Loser e
Growth , Question. .|
Rate ‘Mark
 Holder Star.
0 cow ' Share Gainer
g .
Product Growth rate

PH2 WA (market attractiveness) 2 A&

[38! 5] Growth/Gain &

Medium, Low2 35238} §)

[Abell & Hammond,

©] 734 (product strength)S 23307 #7lsl
3 ZA3E 234 ol =A# webd GE 3
dg 1] AME o3 T/ 249 #A
o] Sl oy ARt 2AEL AAF o]d &
3 7IEAE Fo AF e 7EF ol8 CE ¥
ol ZAslo}F gt} wbA GE PF2 tE F
7 el vid 2Er|7t 27 AEA g
T ool neEkA] Reke Ty AERAES
g g Q) Wi B2 FE4% HRE ATE
#7F ek (29 6]2 3x3 GE #¥FE EAD
Aorn AldAe AFe A AAE High,

1979].

ojgZE H7HA HETAY mdol o3 AFd
deAs EAXE Helsk (B DI} 2o 23
2 drA ez s e A2AE FAe
g A F el ARG T O3 AFY o A
Aol 89S meEjsld 71 REd FAEY AF
A& M2 (market share strategy) 3} ‘AAtxe¥
(production strategy)-Z Sd3h=d ok A
& Aol AT ATl Beh dek
02 #HFHES Aol Fru BAYHT o]
F7RF17) e FAdEkg ouista, 184 ¢

, Attractive~

high High =QOverall | ness

Market : ’
Attractiveness Attractive- /o0 4o Atiractive

medium | ness Overall ness

et

/ B
low Medium Liow :-weiiosns Qverall
strong medium weak

Product Strength

[1&! 6] GE ™™

5 E QToMe 5 A7 AEL) A g dEH APIges uilth
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(H 1) LdAAIZ00 TSt SMX|

Portfolio Models

Features

BCG matrix

Cash Cow, Star, Question Mark, Dog

Growth/Gain matric

Share Gainer, Share Holder, Share Loser

GE matrix

High, Medium, Low (overall attractiveness)

A B, & A7l I e APEEE
A2 increase, maintain, decrease, 121 wi-
thdraw o|th, T3, AaHe2 HPAF g
A ool we} 1 AF AL Ao YA
T 2o &% £e 2AN7AY, ojum gakg
A B F03e RE guigd. 23 £ dF
oA e PAAZS Y7l EM, augment,

sustain, decrease, cease7} Z1Ao]t},

V. ConDSS2] AA|
1. QBAZY X|AB0]A 7&

£ A7 Me ConDSSE C dof & o] 43 &
3l o]& PCol FE3}TE ConDSSY 2711 "9l
FAAY A2 o]~’ (Neural Network Knowledge
Base)& 73] 9% 2714 ©AIE A¥Rd o
=3 2.

124 A8 43
AT 499 719E ez 3 27719
AR £REA AP 7G9S Y AES

Axgts A=A [Lee, 1985]. Zztel 3
FARE T AEF o= e Yehl= Aol
ol&1g B5AEF 671 cash cow, 87)& star,
971+ question mark, 47l dog= EFHE UL
& d7olME ConDSSS Unist RS T B
g3 7] 8o FgAss F 2go2 YEA
IFAE 2079 SEARE 23, IEBe 19
Y AEAeg 2 e ol F 289 &
FAEE 1 TN 440 Az e, F, 1§
A8 A= FEARF dogZt WA oy AlE
A5l dog7t EFE ] lojM o]Z3$- ConDSS
7h %A duts)l EHE BY £ A7 B
Aol HA whAe 1FBY = ARl
BE 79 AFo] ¥ Yk webA oA ¢
9 ConDSS= IFANT 9whst A3yt o $£2
Aol d&o] "l A ol F FF &
FARE T3 M2 tE gust ARE Hole
AFAAY AYo|~E T2 471 Jlth

25tAl: NN7Z 2%

P39 PUE D 710l dAgsle SR o}
Yzt 24 719 dgse FEE EdE ok
ol AT ATAY 158 JsMe AR
AFS] A FPiA uesleior & "art Y
7] ggoltt, 37 7199 A= BCGelA 47,

6) 1FAE cash cow 67), star 87H, question mark 6712 FASACE We TFAE EAEE shd A

Halg (test samples)d A4 77071 "ok

7) 2&BE cash cow 474, star 670, question mark 7712 Tl UoIM ABAEE §7foltt. AFASE=
g8 IEBE 47K £79 AFL F1F 7253 ke o] Aot



Growth/Gainoll A 371, GEOlA 37038le] =3¢ 1070
ol PUZ Ao uk widel| A4 7199 B¢
= BCGAlA 470, Growth/GaindlA 37) &, =
& 7709 PUZ TRE Utk AA7IAY B¢
GEy o] #A edl, 1 olf= GExFE T3t
B deacld Hg Ay gas o, 37
of g 13 Are AMY 47t ot B
g57] gZoirt, webq JEF2 F 1709 PU
2 A5 gl ol d¥EE =AY (18
713 2t 7z 9 PUAl dig YYBe 0 =
1oty &, 499 AEFEAd #FHe PUE
Al 19 ghol J¥E T, Uz PUE 00] ¥

287 (activation) & 28202 s AL
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, 1% 788802 uy A o))

)
&
2
|

AFE ush o] YHYoR FE SHAE ol
We 71%E Zeta 28 £ Uk g, ol

J

N

{2l Aol o} 8k 1237} (solution
AA7]13 NNojl gEAS A2 ske o
t}, 249PUY A= NN9 A3l
A 2 93g F1 Fevn g 7] &)
[Caudill, 1989; Dutta & Shekhar, 1988] & <it
dre 24PU9 AFE 1008 IHAZTL

¥

rl
rlo
A
of)

o

=

&

o

L

o o
ot (lo

N
=

tlo
ot
ofl
g
rle
ac

ConDSS7} g3k 37} A (production
strategy) 3 Al A& A (market share strat-
egy)ol7] W&o, 2829 PUS 9] wet F 1
o2 UHA. (X 2)+ ConDSS7L A T3 &
gk AEd Aol

#3714 33 719
BCG Growth/Gain GE BCG Growth/Gain
000
c s qgd s s s hoan c s qd s s s
a tuo hhoh i e a tuo hhh
s a eg aaa gid S a e g aa a
hrs rrr h i hr s rrr
t e e e u t e e e
c i m c i
0 0 g h 1 0 0 g h 1
W n a 0 o0 W n a 0 0
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AR g
ol4a} #2 ConDSS EAMa2 P& =Ash
(7% 10]3% 2,

VI AgZ3

ConDSSel| o HEAEs 1 4847 44
(F 3), (X 4 283 & 59 (F 6)0l 89
o] ot} o|EellX QML question mark, CCe
cash cowE 9u|3ls, T3k x= ConDSSo| 3|A
g8 FEHASS Yridt.

(8 3 TNl Rz O8 AR Mgt M8 Xz

Strategy
BCG GE Growth/Gain Competitor’s | Production Market
BCG Share

QM Low - Star cease withdraw
QM Low Share Gainer QM reduce decrease
oM Low Share Loser QM sustain decrease
Dog High Share Gainer Dog reduce maintain
Dog High Share Loser Dog augment maintain
Dog High - Cash Co cease withdraw
Dog Low - - cease withdraw
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(E 4) HNAIZS 18 i MBS MYAIE

Strategy
BCG GE Growth/Gain | Competitor’s | Production Market
BCG Share

Cash Cow Low Share Gainer Dog ~ reduce maintain
Cash Cow Low Share Loser Dog augment maintain
Star Low Share Gainer - reduce maintain
Star Low Share Loser - augment maintain
QM Low Share Gainer QM reduce maintain
QM Low Share Loser QM augment dedrease
Dog High - Cash cease withdraw
Dog Low - - cease withdraw

(E 5% (B 6)oll 4 4¥e AFAF = ConDSS
7t A% BN B9k Azoln, ol (E 3)3
& Dl Bs] Y= vt 2} &, ConDSSE
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$30] B5YeT o &2 Uug AHE HeiZ
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59 A%E I8AZ %4E ¥ (E oz AY
& Ago|, (X 6)C 8B S4d ¥ (X 4)
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QAEE HOIFT Yt vk 1§BY A9}
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BRas 79 APARE ARG vTY o
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PRI SN AMYT ConDSSE 7|E4
KBDSSHT} 4 ¢+ EJE HAF Yo
2 Ao NE VP-Expert[1987] 2R AE71HA)
shell-& ©]43l0] symbolic§ 242 ZH= Auka Q)
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Test Type Production Strategy Market Share Strategy
Sample actual ConDSS actual ConDSS
1 QM cease sustain withdraw decrease
2 QM reduce sustain decrease decrease
3 QM= sustain sustain decrease decrease
4 Dog* reduce reduce maintain maintain
5 Dog* augment augment maintain maintain
6 Dog cease augment withdraw maintain
7 Dog cease reduce withdraw decrease
(& 6) S5AIE 128 BO| 8t Algzal
Test Type Production Strategy Market Share Strategy
Sample actual ConDSS actual ConDSS
1 CCx reduce reduce maintain maintain
2 CCx augment augment maintain maintain
3 Star* reduce reduce maintain maintain
4 Star= augment augment maintain maintain
5 QM= reduce reduce maintain maintain
6 QM= augment augment decrease decrease
7 Dog cease augment withdraw maintain
8 Dog cease cease withdraw maintain
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rule 1
if product_BCG_position = SW_of_BCG
then product_type = cash_cow;

rule 5
if competitor_product_BCG_position = SW_of_BCG
then competitor_product_type = cash_cow:

rule 9

it product_GE_position = HS_of GE

or product_GE_position = HM_of_GE

or product_GE_position = MS_of_GE

then product_strength = High_Overall_Attractiveness

display

“This product can be called as a strong product because it belongs to the area of High Overall Attr-
activeness”;

rule 12
if product_growth_rate ) market_growth_rate
then product_market_share = share gainer;

rule 15
if competitor_product_growth_rate ) market_growth_rate
then competitor_product_market_share = share_gainer;

rule 18
if competitor_product_market_share = share_gainer
then increasing_market_share = relatively difficult;

rule 20

if product_type = cash_cow

and product_strength = High_Overall_Attractiveness
and competitor_product_type = dog

then product_overall_type = potential_cash_cow;

rule 37

if product_type = cash_cow

and product_strength = High_Overall_Attractiveness
and product_market_share = share_gainer

then production_strategy = reduce

and market_share_strategy = maintain

(08! 1] ULl RjAlHO| A9 RIA|
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